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Figure 7.10  Multi-scale oriented patches (MOPS) extracted at five pyramid levels (Brown,
Szeliski, and Winder 2005) © 2005 IEEE. The boxes show the feature orientation and the
region from which the descriptor vectors are sampled.
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Figure 5: This figure shows the stages of keypoint selection. (a) The 233x189 pixel original image.
(b) The initial 832 keypoints locations at maxima and minima of the difference-of-Gaussian function.
Keypoints are displayed as vectors indicating scale, orientation, and location. (c) After applying

a threshold on minimum confrast, 729 keypoints remain. (d) The final 536 keypoints that remain
following an additional threshold on ratio of principal curvatures.
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SURF: https://link.springer.com/chapter/10.1007/11744023 32

ORB: https://ieeexplore.ieee.org/document/6126544
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